Evaluation of solar energy potential for urban residential

buildings based on deep learning algorithms
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Research - Evaluate solar energy potential for residential buildings based on a parametric approach and deep learning algorithms. :
purpose * Propose the PV Installation strategies for building roofs and facades.

Methodology
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» Construction of training database
based on solar radiation analysis
results.

* Training, validation and prediction
of solar power potential.

26 Block parameters are set in a certain range:

» Building height (H): 3-99 m

* Building interval (I): 2.7-60m

* Morphological parameters(M): tower, slab A, slab B.

Results

(1) Solar energy potential for buildings PV power potential (Fig 1, Fig 2).
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Flg 3. PV installation ratio for bullding surfaces. =, - rina) image of the research: promoting carbon neutrality for the city.
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